
50 

 

Copyright © 2024 by Author, Published by Mustard Journal De Ecobusin. This is an open access article 

under the CC BY-SA License (https://creativecommons.org/licenses/by-sa/4.0). 

 

Challenges of Implementing Artificial Intelligence in the 
Audit Profession and Its Impact on Audit Quality 

Muhammad Abduh1, Nuramal2, Rusni3, Andika Pramukti1, Nur Aliyah1, Riska 

Ananda1 

1Accounting Study Program, Universitas Muslim Indonesia, Indonesia 
2Accounting Study Program, Stiem Bongaya Makassar, Indonesia 

3Management Study Program, Stiem Bongaya Makassar, Indonesia 

 *Corresponding Author: Muhammad Abduh 
E-mail: mhdabdh@gmail.com     

Article Info 

Article History:  
Received: 20 January 

2026 

Revised: 17 February 

2026 

Accepted: 28 February 

2026 

 

Keywords: 

Artificial Intelligence, 
Audit Profession,  

Audit Quality,  

Continuous Auditing,  

Data Analytics,  

Digital Transformation 
 

JEL Classification: M42, 

O33, C88, D83, G34 

 Abstract  

This research paper explores the difficulties faced by the 
implementation of Artificial Intelligence in audit work and its 
impact on audit quality. The overall goal of the research is to 
gain a holistic view of the impact of AI on auditing practice 
and its resulting technical, ethical, regulatory and 

professional challenges. This study is carried out using 
Systematic Literature Review (SLR) approach, which uses 
relevant articles found in Scopus, Web of Science and Google 
Scholar databases. The results show how Artificial 
Intelligence can use advanced data analytics and 
automation technologies to improve audit efficiency, fraud 
detection, continuous auditing, and risk assessment. But, 
there are data quality problems, legacy systems, algorithm 
transparency limitations, cybersecurity issues, regulatory 
uncertainty and inadequate auditor competencies to limit 
implementation of Artificial Intelligence. The study also 
shows that AI transforms the auditor's job from procedural 
tasks to analyzing the content and exercising professional 
judgement. The novelty of this research emerges from the 

integrative analysis, which is new to the study, and 
integrates several technology, ethical, regulatory and 
competency aspects into a single framework for the 
understanding of the adoption of Artificial Intelligence in 
auditing. The study suggests that the implementation of 
Artificial Intelligence in the audit process should be 
balanced, combining technological innovation, ethical 
governance, professional expertise, and institutional 
readiness for it to provide an effective, sustainable 
improvement in audit quality.  

INTRODUCTION 

The rapid advancement of digital technologies has significantly transformed 
organizational practices across industries, including the accounting and auditing 
profession. Among these technological developments, Artificial Intelligence (AI) has 
emerged as one of the most disruptive innovations, fundamentally reshaping the way 
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audit processes are conducted, evaluated, and managed. AI technologies such as 
machine learning, robotic process automation, natural language processing, and 
predictive analytics enable auditors to process vast quantities of structured and 
unstructured data with greater speed, consistency, and analytical depth compared 
to traditional audit approaches (Nuritdinovich et al., 2025; Onyenahazi, 2025; Rajput 
& Katamba, 2024). Recent developments in AI-driven audit analytics have allowed 
audit firms to automate repetitive procedures, identify anomalies more accurately, 
and strengthen risk assessment capabilities through real-time data processing 
(Omolere, 2025; Venkata, 2025; Oko-Odion & Udoh, 2024). Consequently, AI is 
increasingly viewed not merely as a supporting technology but as a strategic 
instrument capable of redefining the future of auditing in an increasingly digital 
business environment.  

The growing complexity of modern business operations further intensifies the 
importance of AI adoption in auditing. Organizations today generate massive volumes 

of transactional and non-transactional data through integrated enterprise systems, 
e-commerce platforms, cloud computing, and digital financial services. Traditional 
audit techniques that rely heavily on sampling procedures and manual verification 
are increasingly inadequate for addressing the complexity, speed, and scale of digital 
financial information (Dako et al., 2020; Al-Omush et al., 2025). In this context, AI 
provides auditors with the capability to perform continuous auditing, analyze full 
data populations, and identify unusual patterns that may indicate fraud, 
manipulation, or material misstatement. These capabilities potentially enhance audit 
effectiveness and strengthen public confidence in financial reporting, which remains 
a fundamental objective of the auditing profession. 

Audit quality occupies a central position in maintaining the credibility and 
transparency of financial reporting systems. High-quality audits contribute to 
investor confidence, efficient capital markets, and stronger corporate governance 
mechanisms (Celestin, 2020; Yahaya, 2026). However, maintaining audit quality has 
become increasingly challenging due to the growing sophistication of financial 
transactions, the expansion of multinational operations, and the acceleration of 
digital business transformation. Auditors are expected to deliver accurate and timely 
assurance despite operating in environments characterized by data complexity and 
heightened regulatory expectations. AI technologies therefore offer a potential 
solution by enabling more comprehensive audit testing, enhancing analytical 
precision, and improving the ability to detect irregularities in financial statements 
(Wang et al., 2025; Rajput & Katamba, 2024). The integration of AI into audit practice 
is consequently associated with the broader effort to modernize auditing 
methodologies and improve professional performance in the digital era. 

Despite these potential advantages, the implementation of AI in auditing remains 
accompanied by significant technical, organizational, ethical, and regulatory 
challenges. Existing studies demonstrate that the adoption of AI within audit firms 
is uneven and highly dependent on technological readiness, data infrastructure, 
organizational culture, and auditor competencies (Benhayoun et al., 2025; 
Sundarasen et al., 2018; Olaleye & Olubukola, 2025). Many audit organizations 
continue to rely on fragmented databases, outdated accounting systems, and 
inconsistent data structures, limiting the effectiveness of AI-based audit tools. In 
addition, AI algorithms often operate as “black-box” systems whose decision-making 
processes are difficult to interpret and explain, thereby creating concerns regarding 
transparency, accountability, and audit reliability (Raschke & Charron, 2021; Lehner 
et al., 2022). These limitations suggest that AI adoption in auditing should not be 
understood solely as a technological transition but rather as a broader institutional 
and professional transformation. 
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Ethical concerns also represent a critical dimension in discussions surrounding AI 
implementation in the audit profession. The increasing reliance on AI systems raises 
questions regarding data privacy, cybersecurity, algorithmic bias, and professional 
accountability. Since auditors routinely process confidential financial information, 
the integration of AI into audit activities creates additional risks associated with 
unauthorized access, data misuse, and cyber vulnerabilities (Anjum & Chowdhury, 
2024; Mahmoud, 2023). Furthermore, biased algorithms trained on flawed or 
incomplete datasets may generate misleading audit conclusions, potentially 
undermining the principles of objectivity and fairness that are fundamental to 
auditing practice. Existing professional standards and ethical frameworks were 
largely developed for human-centered audit procedures and remain insufficiently 
prepared to address accountability issues associated with AI-assisted decision-
making (Aliah & Faridani, 2025; Samiolo et al., 2024). Consequently, the absence of 
comprehensive regulatory guidance creates uncertainty regarding responsibility and 

liability when AI systems substantially influence audit outcomes. 

In addition to the ethical and technical issues, AI is reshaping the job and skills of 
auditors as well. AI should not replace human auditors but rather augment the way 
audit work is conducted by taking the repetitive verification tasks and replacing them 
with more analytical thinking, professional judgment and/or strategic interpretation 
(Lajoie & Gendron, 2025; Xu et al., 2023). The responsibilities of auditors are 
increasingly interdisciplinary, requiring them to have a blend of accounting skills 
and technological knowledge, data analysis, and critical thinking about outputs 
generated by AI. The acquisition of these skills, however, has not been consistent 
among audit firms and professional settings, especially in developing countries, 
where technology infrastructure and professional development and training 
opportunities may be less available (Popel, 2025). If not coupled with the 
development of human capital, the use of AI can fall short of being true to the vision 
and become a symbolic adoption of technology, not a genuine improvement of audit 
quality. 

There are several studies that have investigated the connections between AI and 
auditing in various ways. The existing studies are mainly focused on the application 
of AI in fraud detection, continuous auditing, data analytics and automation 
efficiency. Other studies have focused on the behavioral aspects of the use of AI, such 
as effects on professional skepticism and auditor judgment. While the studies do give 
an insight into the technological possibilities of AI, the majority of literature is still 
disjointed, with a focus on the technical advantages of implementing AI. Relatively 
little effort has been spent on a systematic review of the interrelated issues of ethics, 
regulation, firm readiness and auditor competency development that affect audit 

quality outcomes. 

This is limitation that indicates an important research gap in the current literature. 
Existing research has been speaking from a fragmented lens, either on the efficiency 
of AI in auditing or on the specific ethical issues raised by AI use in the field 
separately. There are relatively few studies that offer an integrative synthesis that 
critically examines the interplay between the technical, ethical, regulatory and 
human aspects to explain how these challenges affect the implementation of AI and 
its impact on audit quality. Further, there is not much systematic discussion about 
the nature of these challenges in developing country settings, where institutional 
capacity, digital infrastructure and regulatory preparedness can differ markedly from 
what is found in developed countries. This is especially important, as variations in 
context can be a significant factor in the success or failure of the implementation of 
AI in audit settings. 

Therefore, the aim of this study is to add to the research body by conducting a 
systematic literature review of the challenges of the implementation of Artificial 
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Intelligence in the audit profession and its implications for audit quality. This 
research provides a more thorough synthesis, as it combines technical, ethical, 
regulatory and professional aspects in one comprehensive analytical framework, and 
then goes further than previous studies to focus solely on the applications of 
technology. This study is unique in both that it critically examines the 
implementation of AI as both a technological innovation and as a process that 
influences professional judgement, institutional governance and audit 
accountability. Moreover, the research adds to the current theoretical discourse on 
digital transformation in auditing and offers practical insights for audit firms, 
regulators, and professional bodies about the proper use of AI in auditing. Overall, 
the study seeks to deepen the knowledge on how AI can contribute to improve audit 
quality without compromising the fundamental principles of audit profession such 
as professionalism, transparency and public trust. 

METHODS 

Research Design 

This study employed a qualitative research design using a Systematic Literature 
Review (SLR) approach to critically examine the implementation challenges of 
Artificial Intelligence (AI) in the audit profession and its implications for audit quality. 
The SLR method was selected because it provides a structured, transparent, and 
replicable procedure for identifying, evaluating, and synthesizing existing scientific 
evidence related to a particular research topic. Compared to traditional narrative 
reviews, systematic reviews reduce researcher subjectivity by applying predefined 
protocols and explicit inclusion criteria throughout the review process. This 
approach is particularly suitable for interdisciplinary topics such as AI in auditing, 
where studies are dispersed across accounting, auditing, information systems, 
business ethics, and digital governance literature. 

The study adopted an interpretive qualitative orientation to understand how existing 
literature conceptualizes AI implementation challenges, auditor role transformation, 
and the relationship between AI adoption and audit quality. Rather than statistically 
aggregating findings, the study emphasized thematic synthesis to identify dominant 
patterns, conceptual debates, and emerging trends across previous scholarly works. 
Through this design, the research aimed to generate a comprehensive understanding 
of the opportunities and risks associated with AI integration in auditing practice. 

Research Context and Scope 

The review focused on scholarly discussions regarding the application of Artificial 
Intelligence technologies within the auditing profession. The context of the study 

includes both internal and external auditing environments where AI tools such as 
machine learning, robotic process automation, natural language processing, 
predictive analytics, and advanced data analytics are increasingly utilized. The 
review particularly emphasized challenges associated with AI implementation, 
including technical limitations, ethical concerns, regulatory uncertainty, 
organizational readiness, and professional competency issues that may influence 
audit quality outcomes. 

To capture contemporary developments in AI technologies, the review concentrated 
on publications produced within the last decade, a period characterized by rapid 
digital transformation in accounting and auditing practices. The scope of the analysis 
included conceptual studies, empirical research, literature reviews, and case studies 
discussing AI adoption in auditing across different institutional and organizational 
contexts. Particular attention was given to studies examining the implications of AI 
for professional judgment, auditor independence, risk assessment, fraud detection, 
and audit reliability. 



  

54 

 

Copyright © 2026 by Author, Published by Mustard Journal De Ecobusin. This is an open access article 

under the CC BY-SA License (https://creativecommons.org/licenses/by-sa/4.0). 

Data Sources and Literature Search Strategy 

The literature search process was conducted systematically using several 
internationally recognized academic databases, namely Scopus, Web of Science, and 
Google Scholar. These databases were selected because they index high-quality peer-
reviewed journals in accounting, auditing, information systems, and management 
studies. The use of multiple databases ensured broader coverage of relevant 
publications and minimized the risk of excluding important studies from the review 
process. 

The search strategy employed combinations of keywords and Boolean operators to 
identify literature relevant to the research objectives. The primary search terms 
included “artificial intelligence,” “audit,” “audit profession,” “audit quality,” “machine 
learning,” “data analytics,” “continuous auditing,” and “digital auditing.” These 
keywords were applied to article titles, abstracts, and author keywords to maximize 
search relevance. The search process was iterative, allowing refinement of keywords 
and search combinations to improve the comprehensiveness and precision of the 
retrieved literature. 

The initial search generated 126 articles across the selected databases. After the 
removal of duplicate records, titles and abstracts were screened to evaluate their 
relevance to the objectives of the study. Articles unrelated to auditing contexts, 
general financial technology topics without audit implications, or non-academic 
publications were excluded during the preliminary screening stage. Subsequently, a 
full-text assessment was conducted to ensure that selected studies explicitly 
addressed AI implementation in auditing, auditor roles, ethical implications, or audit 
quality outcomes. 

Inclusion and Exclusion Criteria 

To maintain methodological rigor and ensure the relevance of the selected literature, 
explicit inclusion and exclusion criteria were applied throughout the review process. 
Included studies were peer-reviewed journal articles published in English and 
directly related to AI applications in auditing. The review accepted both conceptual 
and empirical studies, provided they offered substantial discussion regarding AI 
implementation challenges, professional implications, or audit quality 
considerations. 

Studies were excluded if they focused exclusively on general accounting automation 
without reference to auditing practices, lacked methodological clarity, or did not 
contribute meaningful theoretical or empirical insights to the topic under 
investigation. Conference abstracts, editorials, unpublished working papers, and 

opinion articles without scholarly foundations were also excluded to maintain the 
academic quality and credibility of the review corpus. 

Following the screening and eligibility assessment process, a final sample of 28 
articles was selected for thematic analysis. These studies represented the most 
relevant and methodologically robust literature discussing the integration of AI 
within the auditing profession. 

Data Collection and Extraction 

Data collection in this study involved systematic extraction of relevant information 
from the selected articles using a structured review matrix. The extraction process 
aimed to ensure consistency and comparability across studies. Information extracted 
from each article included publication details, research objectives, methodological 
approaches, AI technologies discussed, implementation challenges identified, 
professional implications, and reported effects on audit quality. 
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The extracted data were subsequently categorized into thematic clusters to facilitate 
interpretation and synthesis. This process enabled the identification of recurring 
concepts, similarities, and differences among studies. Organizing the data into a 
structured matrix also enhanced the transparency of the review process and provided 
a clear audit trail for analytical interpretation. 

Data Analysis Technique 

The selected literature was analyzed using thematic analysis supported by qualitative 
synthesis procedures. Thematic analysis was chosen because it enables researchers 
to systematically identify, organize, and interpret recurring themes across qualitative 
data sources (Christou, 2022). The analysis process began with repeated reading of 
the selected studies to develop familiarity with the data. Relevant statements, 
concepts, and findings related to AI implementation in auditing were then coded 
systematically. 

The coding process was conducted iteratively to identify patterns related to technical 
challenges, ethical concerns, regulatory implications, auditor competency 
transformation, and audit quality enhancement. Similar codes were grouped into 
broader thematic categories to generate integrative interpretations of the literature. 
The thematic synthesis emphasized both convergence and divergence among 
previous studies, allowing the review to critically evaluate dominant scholarly 
perspectives as well as unresolved debates concerning AI adoption in auditing. 

To strengthen analytical rigor, the study also applied cross-comparison techniques 
between conceptual and empirical findings. This process enabled deeper 
interpretation regarding how AI implementation challenges differ across 
organizational and institutional contexts. The resulting thematic framework served 
as the basis for discussing the relationship between AI adoption and audit quality in 
subsequent sections of the study. 

Validity and Reliability 

Several strategies were employed to enhance the validity and reliability of the 
systematic literature review. First, methodological transparency was maintained 
through the use of a predefined review protocol, explicit inclusion criteria, and 
systematic screening procedures. This approach minimized selection bias and 
improved the reproducibility of the review process. Second, the use of multiple 
academic databases enhanced source triangulation and increased the 
comprehensiveness of the literature coverage. 

Third, the thematic analysis process involved iterative coding and repeated cross-
checking of themes to ensure consistency in interpretation. The review also 

prioritized studies published in reputable peer-reviewed journals to ensure the 
credibility and scholarly quality of the evidence synthesized. In addition, 
methodological references from established systematic review frameworks and 
qualitative analysis procedures were incorporated to strengthen the overall rigor of 
the study. 

RESULTS AND DISCUSSION 

This section presents the main findings derived from the systematic literature review 
on the implementation of Artificial Intelligence (AI) in the audit profession and its 
implications for audit quality. The results are organized thematically to provide a 
comprehensive and structured understanding of the dominant issues emerging from 
the selected literature. The analysis focuses on four major areas identified 
throughout the review process, namely: (1) the characteristics of the selected studies, 
(2) dominant technical and organizational challenges in AI implementation, (3) 
ethical and regulatory implications of AI adoption in auditing, and (4) the impact of 
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AI on auditor roles and audit quality. By organizing the findings into thematic 
categories, this section highlights both converging and diverging perspectives within 
existing studies while demonstrating how AI adoption is reshaping contemporary 
audit practices. 

Characteristics of Selected Studies 

The systematic search process resulted in the identification of 126 articles from 
Scopus, Web of Science, and Google Scholar databases. After the screening and 
eligibility assessment stages, 28 articles met the inclusion criteria and were selected 
for thematic synthesis. The selected studies consisted of conceptual papers, 
empirical studies, case studies, experimental research, and literature reviews 
discussing AI applications in auditing and their implications for audit quality. 

Table 1 presents the distribution of articles across the selected academic databases. 

Table 1. Distribution of Articles by Database 

Database Initial Results After Screening Final Included Articles 

Scopus 52 21 11 

Web of Science 34 15 8 

Google Scholar 40 18 9 

Total 126 54 28 

Source: Processed literature review data from Scopus, Web of Science, and Google 
Scholar databases, 2026 

Table 1 demonstrates that Scopus contributed the largest proportion of relevant 
articles, accounting for 11 final studies included in the synthesis. Meanwhile, Google 
Scholar and Web of Science contributed 9 and 8 studies respectively. The reduction 
from 126 initial records to 28 final studies reflects the strict application of inclusion 
and exclusion criteria to ensure methodological relevance and academic quality. 

The PRISMA-based screening process further illustrates the stages of article 
identification, screening, eligibility assessment, and inclusion. The literature 
selection process ensured that only studies explicitly discussing AI implementation 
in auditing, professional implications, or audit quality outcomes were retained for 
analysis. 
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Figure 1. PRISMA Flow Diagram of Literature Selection 

Source: Processed literature review data from Scopus, Web of Science, and Google 
Scholar databases, 2026 

Figure 1 illustrates the systematic screening and selection process of articles 
included in this study based on the PRISMA framework. The process resulted in 28 
eligible articles for thematic synthesis and analysis. 

To better understand the focus and methodological orientation of the reviewed 
literature, the selected studies were categorized according to their research methods, 

thematic focus, and key findings. Table 2 summarizes the main characteristics of the 
selected studies. 

Table 2. Characteristics of Selected Studies 

Author Year 
Research 
Method 

Focus of Study Key Findings 

Vasarhelyi et 
al. 

2015 
Conceptual 
Study 

Continuous 
auditing and data 
analytics 

AI enables real-time 
auditing and 
enhances risk 
detection. 

Issa et al. 2016 
Literature 
Review 

AI applications in 
auditing 

AI improves audit 
efficiency through 
automated data 
analysis. 
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Appelbaum et 
al. 

2017 
Conceptual 
Framework 

Big data analytics 
in auditing 

Analytics improve 
full-population 
testing capabilities. 

Kokina & 
Davenport 

2017 Case Study 
Cognitive 
technologies in 
auditing 

AI supports auditor 
decision-making and 
analytical capacity. 

Brown-
Liburd et al. 

2015 
Experimental 
Study 

Behavioral 
implications of 
analytics 

Technology 
influences auditor 
judgment and 
decision-making. 

Alles 2015 
Conceptual 
Analysis 

Future of auditing 
AI transforms audit 
methodologies and 
professional roles. 

Salijeni et al. 2019 
Literature 
Review 

Data analytics in 
external audit 

Analytics strengthen 

risk assessment and 
audit procedures. 

Rozario & 
Vasarhelyi 

2018 
Empirical 
Study 

AI in fraud 
detection 

Machine learning 
improves fraud 
detection accuracy. 

Moll & 
Yigitbasioglu 

2019 
Literature 
Review 

Digital 
transformation in 
accounting 

AI requires new 
auditor competencies 
and digital literacy. 

Richins et al. 2017 
Conceptual 
Study 

Big data analytics 

AI improves anomaly 
detection and 
analytical 
performance. 

Dowling & 
Leech 

2014 
Empirical 
Study 

Audit support 
systems 

Technology improves 
audit judgment when 
integrated properly. 

Janvrin et al. 2014 
Empirical 
Study 

Technology use in 
auditing 

IT improves efficiency 
and documentation 
quality. 

Source: Processed secondary data from selected journal articles, 2026 

The findings summarized in Table 2 indicate that most previous studies emphasize 
the technological advantages of AI in enhancing audit efficiency, data analytics, fraud 
detection, and continuous auditing practices. However, several studies also 
underline behavioral, ethical, and competency-related concerns associated with AI 
adoption. This demonstrates that AI implementation in auditing is not solely a 
technological issue but also involves organizational, professional, and institutional 
dimensions. 

Table 3. Main Themes Identified in the Literature Review 

Main Theme Key Issues Identified Representative Studies 

Technical Challenges 
Data quality, legacy systems, 
AI integration 

Alles (2015), Cao et al. 
(2015) 

Ethical Concerns Bias, privacy, accountability 
Floridi et al. (2018), 
Martin (2019) 

Regulatory Issues Lack of AI audit standards 
IAASB (2020), Power 
(2021) 

Auditor 
Competencies 

Digital literacy and AI skills 
Moll & Yigitbasioglu 
(2019) 

Audit Quality 
Enhancement 

Fraud detection, continuous 
auditing 

Rozario & Vasarhelyi 
(2018) 
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Source: Processed secondary data from selected journal articles, 2026 

Table 3 presents the main themes identified from the reviewed literature regarding 
the implementation of Artificial Intelligence in auditing. The findings show that AI 
adoption in auditing is influenced by technical, ethical, regulatory, and competency-
related challenges. Despite these limitations, the literature consistently indicates 
that AI has significant potential to improve audit quality through better risk 
assessment, fraud detection, and audit efficiency. 

Technical and Organizational Challenges of AI Implementation 

One of the most dominant themes emerging from the literature concerns technical 
and organizational barriers to AI implementation in auditing. The reviewed studies 
consistently reveal that the effectiveness of AI systems heavily depends on data 
quality, technological infrastructure, and integration capabilities. Many audit 
organizations still operate using fragmented accounting systems, legacy databases, 
and inconsistent data formats, creating substantial limitations for AI-based analytics 
and automation. 

Several studies explain that poor-quality data significantly affects the reliability of AI 
outputs. Incomplete, inaccurate, or unstructured financial information reduces 
machine learning accuracy and increases the risk of misleading audit conclusions. 
As AI systems rely on historical and real-time data to identify anomalies and 
patterns, weak data governance becomes a major obstacle to effective 
implementation. Consequently, organizations lacking adequate digital infrastructure 
often struggle to maximize the benefits of AI technologies in auditing. 

Another important issue relates to system integration and technological readiness. 
AI applications frequently require compatibility with enterprise resource planning 
systems, cloud platforms, and digital financial systems. However, differences in 
technological maturity across organizations create unequal adoption capacities. 
Large international audit firms tend to possess stronger financial resources and 
technological capabilities, enabling faster AI adoption compared to smaller audit 
firms or firms operating in developing countries. 

The literature also identifies algorithmic complexity as a major implementation 
challenge. Advanced AI systems often function as “black-box” models whose 
analytical processes are difficult to interpret. Auditors may therefore face challenges 
explaining how AI-generated conclusions were produced, particularly when 
communicating audit findings to regulators, clients, or stakeholders. This lack of 
transparency reduces auditor confidence in AI systems and raises concerns 
regarding accountability in the event of audit failure. Table 3 summarizes the 

dominant technical and organizational challenges identified throughout the 
literature review. 

Table 3. Dominant Technical and Organizational Challenges of AI Implementation 

Challenge Category Description Implications for Auditing 

Data Quality Issues 
Incomplete and 
inconsistent financial data 

Reduces AI accuracy and 
reliability 

Legacy Systems 
Outdated accounting 
infrastructure 

Limits AI integration 
capabilities 

Algorithm 
Transparency 

Black-box AI decision 
processes 

Weakens explainability and 
accountability 

Technological 
Readiness 

Unequal digital 
infrastructure 

Creates adoption gaps 
among firms 

Human Resource 
Limitations 

Limited digital 
competencies 

Slows effective AI utilization 
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Source: Processed secondary data from selected journal articles, 2026 

Table 3 demonstrates that technical barriers are closely interconnected with 
organizational readiness and human resource capacity. The implementation of AI 
requires not only advanced technological infrastructure but also auditors capable of 
interpreting and validating AI-generated insights effectively. 

Ethical and Regulatory Implications of AI Adoption 

The review findings further indicate that ethical and regulatory concerns represent 
significant barriers to AI adoption in auditing. Ethical challenges primarily revolve 
around issues of data privacy, confidentiality, algorithmic bias, and professional 
accountability. Since audit activities involve highly sensitive financial information, 
the use of AI systems increases cybersecurity risks and potential exposure to 
unauthorized access or misuse of confidential data. 

Several studies emphasize that algorithmic bias remains one of the most critical 
ethical risks associated with AI implementation. AI systems learn from historical 
datasets that may contain embedded organizational biases, potentially producing 
unfair or misleading audit assessments. Biased outputs may affect auditors’ 
professional judgment, risk assessment procedures, and materiality evaluations, 
thereby compromising audit objectivity. 

The literature also highlights growing concerns regarding professional skepticism. 
Excessive reliance on AI-generated outputs may encourage auditors to trust 
automated systems without critically evaluating their limitations. This phenomenon, 
often referred to as automation bias, risks weakening auditors’ independent 
judgment and reducing their ability to identify contextual or qualitative issues not 
captured by AI systems. 

Regulatory limitations further complicate AI adoption in auditing. Existing auditing 
standards were primarily developed for human-centered audit processes and provide 
limited guidance regarding AI accountability, validation, and ethical governance. 
Consequently, uncertainties remain regarding legal responsibility when AI systems 
substantially influence audit conclusions. 

Table 4 presents the major ethical and regulatory issues identified in the reviewed 
studies. 

Table 4. Ethical and Regulatory Challenges of AI in Auditing 

Ethical and 
Regulatory Issue 

Description Potential Impact 

Data Privacy Risks 
Exposure of confidential 

financial data 

Threatens organizational 

trust 

Algorithmic Bias 
Biased AI outputs from 
flawed datasets 

Reduces audit objectivity 

Automation Bias 
Excessive trust in AI 
recommendations 

Weakens professional 
skepticism 

Regulatory Gaps 
Limited AI-related audit 
standards 

Creates accountability 
uncertainty 

Cybersecurity Risks 
Increased vulnerability to 
cyberattacks 

Threatens audit 
reliability 

Source: Processed secondary data from selected journal articles, 2026 

The findings suggest that the ethical governance of AI remains essential to ensuring 
that technological innovation strengthens rather than undermines audit quality. 
Regulatory adaptation and professional ethical guidelines are therefore increasingly 
necessary in response to digital transformation within the auditing profession. 
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Transformation of Auditor Roles and Audit Quality 

Another major finding concerns the transformation of auditor roles resulting from AI 
integration. The literature consistently indicates that AI does not eliminate the need 
for auditors but instead redefines their professional functions. Routine audit 
procedures such as transaction testing, data reconciliation, and anomaly detection 
are increasingly automated, enabling auditors to focus more on analytical reasoning, 
strategic interpretation, and professional judgment. 

This transformation shifts the auditor’s role from procedural verification toward 
higher-value cognitive activities. Auditors are increasingly expected to evaluate AI-
generated insights critically, interpret complex analytical outputs, and integrate 
contextual understanding into audit decision-making. Consequently, digital literacy 
and interdisciplinary competencies become essential professional requirements in 
AI-enabled audit environments. However, the literature also indicates that 
insufficient technological understanding among auditors may limit the effectiveness 
of AI implementation. Many auditors still lack advanced analytical and technological 
competencies necessary to interpret AI systems appropriately. Organizational 
resistance to change and limited professional training opportunities further hinder 
the transition toward AI-assisted auditing practices. 

The findings additionally demonstrate that AI has considerable potential to improve 
audit quality. AI-based analytics enable full-population testing, real-time auditing, 
and enhanced fraud detection capabilities that significantly improve audit efficiency 
and analytical precision. The reviewed studies indicate that AI strengthens risk 
assessment procedures, improves anomaly identification, and supports more 
accurate audit planning. Nevertheless, the relationship between AI adoption and 
audit quality remains conditional. AI improves audit quality only when supported by 
reliable data governance, effective organizational infrastructure, professional 
oversight, and ethical safeguards. Inadequate implementation may instead create 
new risks such as biased outputs, weakened professional skepticism, and 
overdependence on automated systems. 

Artificial Intelligence Transformation in Auditing: Challenges, Professional 
Implications, and Audit Quality 

The findings of this study demonstrate that the integration of Artificial Intelligence 
(AI) into the audit profession represents not only a technological transformation but 
also a broader organizational and professional shift that directly influences audit 
quality. The reviewed literature consistently indicates that AI technologies improve 
audit efficiency, strengthen fraud detection capabilities, and support more 
comprehensive risk assessment procedures. These findings are consistent with 

previous studies by Vasarhelyi et al. (2015), Singh et al. (2025), and Venkata (2025), 
which argue that AI-driven analytics enable auditors to process entire data 
populations and perform continuous auditing more effectively than traditional 
sampling-based methods. The present study strengthens this perspective by 
demonstrating that the benefits of AI are highly dependent on contextual factors such 
as technological readiness, ethical governance, and auditor competency. Therefore, 
the contribution of this research lies in emphasizing that AI implementation should 
be understood as a socio-technical transformation rather than merely a technological 
innovation. 

One of the most important findings concerns the persistence of technical and 
infrastructure-related barriers that hinder AI adoption in auditing. The literature 
reviewed in this study reveals that fragmented databases, inconsistent financial 
information, and legacy accounting systems remain major obstacles to the successful 
implementation of AI technologies. This finding aligns with Alles and Gray (2016) and 
Alhasnawi et al. (2025), who identified data quality and system integration as 
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fundamental determinants of AI effectiveness in audit environments. However, this 
study extends previous discussions by highlighting how these technical barriers 
interact with organizational readiness and institutional capacity, particularly in 
developing-country contexts. In many organizations, limited digital infrastructure 
and unequal access to advanced technologies create significant disparities in AI 
adoption among audit firms. This finding contributes theoretically by demonstrating 
that technological capability alone is insufficient without organizational 
preparedness and integrated digital governance. 

Another significant discussion emerging from the findings relates to the ethical 
implications of AI use in auditing. The literature consistently emphasizes concerns 
regarding algorithmic bias, data privacy, cybersecurity, and accountability. These 
findings support the arguments of Floridi et al. (2018) and Baker (2025), who stress 
that AI systems may reproduce or amplify biases embedded in historical datasets. 
Within the auditing context, biased AI outputs may affect risk assessment accuracy 

and compromise professional objectivity. Furthermore, the findings indicate that 
excessive dependence on automated systems may weaken professional skepticism, a 
concern previously highlighted by Nelson (2009) and Chaker (2024). However, this 
study contributes novelty by synthesizing ethical concerns with regulatory 
limitations, demonstrating that the absence of comprehensive AI-related auditing 
standards intensifies uncertainty regarding accountability and professional 
responsibility. This integrated perspective broadens existing literature that often 
treats ethical and regulatory issues separately. 

The transformation of auditor roles also emerges as a critical theme in the 
discussion. The reviewed studies indicate that AI does not eliminate the importance 
of auditors but instead reshapes their professional responsibilities toward analytical 
reasoning, strategic interpretation, and evaluation of AI-generated insights. This 
finding is consistent with the work of Susskind and Susskind (2015) and Sandblad 
(2023), who argue that digital technologies redefine professional expertise rather 
than replace it entirely. Nevertheless, the present study further demonstrates that 
the effectiveness of AI-assisted auditing depends heavily on auditors’ ability to 
critically assess algorithmic outputs and integrate contextual judgment into 
decision-making processes. Consequently, the role of human expertise remains 
central despite increasing automation. This finding provides theoretical contribution 
by reinforcing the argument that professional judgment continues to be 
indispensable in technology-enabled audit environments. 

The study also highlights the importance of auditor competency transformation in 
supporting AI implementation. Existing literature has emphasized the growing need 
for digital literacy and analytical skills among auditors (Rumasukun, 2024; Smith, 
2021). The findings of this review confirm that AI adoption requires interdisciplinary 
competencies combining accounting knowledge, technological understanding, and 
ethical reasoning. However, the study further identifies that organizational 
resistance to change and unequal training opportunities remain substantial barriers 
to competency development. This finding expands previous discussions by 
demonstrating that competency transformation is influenced not only by individual 
capability but also by organizational commitment to continuous professional 
development. Therefore, successful AI integration requires long-term investment in 
human capital and adaptive learning systems within audit institutions. 

From a practical perspective, the findings suggest that audit firms, regulators, and 
professional bodies must adopt a balanced approach toward AI implementation. AI 
technologies should be integrated as complementary tools that strengthen audit 
quality while preserving professional skepticism, accountability, and ethical 
integrity. Audit firms should prioritize investments in data governance systems, 
cybersecurity infrastructure, and employee training to ensure responsible AI 
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adoption. At the same time, regulators and professional organizations need to 
develop clearer standards and guidelines regarding AI accountability, algorithm 
transparency, and ethical compliance in auditing practices. These practical 
implications are particularly relevant for developing economies, where digital 
transformation often occurs alongside institutional and infrastructural limitations. 

The study also contributes to the broader theoretical discourse on digital 
transformation in professional services. Existing research has largely focused on the 
efficiency benefits of AI adoption, often overlooking the interconnected influence of 
institutional, ethical, and professional dimensions. By synthesizing technical, 
ethical, regulatory, and competency-related issues into a unified analytical 
framework, this study offers a more holistic understanding of how AI influences audit 
quality. The novelty of this research lies in its integrative perspective, which positions 
AI implementation as a multidimensional transformation requiring alignment 
between technology, governance, and professional judgment. 

Despite these contributions, this study has several limitations. First, the research 
relies exclusively on secondary data derived from previously published journal 
articles, which may limit the ability to capture recent industry practices or emerging 
technological developments not yet reflected in academic publications. Second, the 
review focuses primarily on English-language studies indexed in major academic 
databases, potentially excluding relevant regional or non-English literature. Third, 
because AI technologies evolve rapidly, some findings discussed in earlier studies 
may become less applicable as new auditing technologies continue to emerge. 

Future research should therefore expand empirical investigation into how AI 
adoption influences audit quality across different institutional and cultural contexts. 
Comparative studies between developed and developing countries would provide 
deeper insight into how infrastructure, regulation, and organizational readiness 
shape AI implementation outcomes. In addition, future studies may explore the 
behavioral implications of AI-assisted auditing, particularly regarding professional 
skepticism, auditor judgment, and accountability in highly automated environments. 
Longitudinal studies examining the long-term impact of AI integration on audit 
reliability and professional ethics would also contribute valuable insights to the 
evolving literature on digital auditing transformation. 

CONCLUSION 

The integration of Artificial Intelligence in the audit profession has significantly 
transformed auditing practices by improving efficiency, analytical capability, fraud 
detection, and risk assessment processes. The findings of this study indicate that AI 
possesses strong potential to enhance audit quality through continuous auditing, 

real-time data analysis, and comprehensive evaluation of financial information. 
However, the successful implementation of AI in auditing remains highly dependent 
on technological readiness, data quality, ethical governance, regulatory support, and 
auditor competencies. The study also demonstrates that AI does not replace auditors 
but instead reshapes their professional roles toward more analytical, interpretive, 
and judgment-oriented responsibilities. 

Theoretically, this study contributes to the literature by offering an integrative 
perspective that combines technical, ethical, regulatory, and professional 
dimensions of AI adoption in auditing. Practically, the findings emphasize the 
importance of strengthening digital infrastructure, developing AI-related auditing 
standards, and enhancing auditor competencies through continuous professional 
training. Despite these contributions, the study is limited by its reliance on 
secondary data and published literature, which may not fully capture recent 
technological developments and industry practices. Future research is therefore 
recommended to conduct empirical investigations across different institutional and 
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cultural contexts to better understand the long-term implications of AI 
implementation on audit quality, professional judgment, and organizational 
governance. 
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